
 

Hypothesis Testing
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formulate two opposing hypotheses

Ho Null Hypothesis

Ha Alternative hypothesis
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Restricted Unrestricted models
restricted model the model obtained under the maintained

null hypothesis

consider
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mples
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empirical examples

YE 0.08 1 SO Xt R2 0.90

4.00 4 sc

parenthesis could either be t ratios under Ho Bio
or estimated standart error

standard error is always positive So in this example
number are E ratios

Bo 0.08 to 4.00

β 1.5 ti 4.5

Hypothesis for slope B1

Ho Bi O

HA β 0

Hypothesis for intercept Bo
Ho β O

HA β 0

α 0.05 to 4.0 t 4.5

for Bi since 4 4.5 and its below 1.96 we
reject the null hypothesis Ho Bro so there is
statistically significant evidence that Xe has a negative
impact on Yt

for Bo t 4 and it is significantly above 1.96

we reject the null hypothesis Ho Bo 0 Therefore the
is statically significant evidence that the expected valueYt when e o is not zero and is indeed positive



consider

Ye Bo B Xe Ut
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for instance

Ho Bg HA BY.IE

More than one linear restriction therefore the t test
cannot be used We need to consider F test



3 The following regression model is given
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c another estimator β2 is suggested Compare
ps in terms of efficiency
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if this is true than
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